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EXTENDED ABSTRACT
Nonhuman agents have become increasingly common due to 

the rapid developments in artificial intelligence (AI) (Huang and 
Rust 2018). These nonhuman intelligent agents, referred to as AI 
agents hereafter, have the advantage of reaching a wider audience 
efficiently and are currently pervasive in a wide variety of platforms 
interacting with human decision-makers (Altay et al. 2021; Huang 
and Rust 2018). Previous research has documented that consumers 
react and respond differently when dealing with human vs. AI agents 
(Garvey et al. 2023; Kim et al. 2022a; 2022b; Kim and Duhachek 
2020; Luo et al. 2019; Mende et al. 2019). We build on prior research 
and demonstrate across four studies how reduced non-compliance 
guilt and intent inferred from AI agents can be leveraged to encour-
age prosocial decision-making instead of unethical behavior. More-
over, we also explore the impact of AI agents on a broader set of 
consumers (i.e., vulnerable consumers). 

Study 1 (299 participants; MedianAge = 26-35 years old; 54.85% 
male) used an incentive-compatible design. Participants were in-
troduced to a human (vs. AI) agent who proceeded to provide par-
ticipants with information about the charity. Our main dependent 
variable was amount donated (min = $0; max = $20). We measured 
non-compliance guilt (3 items, α = .95; adapted from Zemack-Rugar 
et al. 2017) and persuasive motive detection (1 item; Grillo and Piz-
zuti 2021). Participants reported marginally less non-compliance 
guilt (MHumanAgent = 4.19 vs. MAIAgent = 3.82; t(297) = 1.73, p = .084) 
and inferred motive (MHumanAgent = 5.48 vs. MAIAgent = 5.05; t(297) = 
2.57, p = .0105) when dealing with an AI agent. However, partici-
pants still donated more when dealing with the human agent (MHuma-

nAgent = 10.57 vs. MAIAgent = 8.86; t(297) = 2.45, p = .0145). 
Study 2 (566 US participants (MAge = 40.86, SD = 13.53) tested 

whether message framing could increase AI agent effectiveness with-
out triggering reactance. We utilized ordering plant-based dishes as 
the pro-social domain. Participants were provided with information 
from the human (vs. AI) agent about the benefits of the plant-based 
diet either using cognitive framing (e.g., “spares the lives of 200 
animals per year”) vs. emotive framing (e.g., “makes you feel good 
to reduce animal cruelty and abuse”) vs. no framing. Our main de-
pendent variable was the number of plant-based dishes ordered (max 
=  3). Poisson regression for the number of dishes ordered showed a 
significant interaction of agent and affective appeals (βAgentxAffective = 
-.26, p = .014) and agent and cognitive appeals (βAgentxCognitive = -.22, 
p = .039). The AI agent becomes more effective when it uses both 
cognitive (MAIxCognitive = 1.96; χ2(1) = 6.74; p = .0094) or affective 
appeals (MAIxAffective = 2.01; χ2(1) = 8.00; p = .0047) compared to 
using none (MAIxControl = 1.60). This is not the case for human agents 
as effectiveness across all three appeal types remained similar (con-
trasts all ps > .5). However, when comparing human vs. AI agent ef-
fectiveness, the AI agent is more effective only when using affective 
language (MAIxAffective = 2.01 vs. MHumanxAffective = 1.72; χ2(1) = 4.91; p 
= .0267). 

Study 3 (467 participants; MAge  = 42.76, SD = 14.30) ex-
tended our findings to an underrepresented set of consumers (psy-
chologically vulnerable consumers). The main dependent variables 
remained the same as in Study 1. We used a 6-item scale to measure 

psychological vulnerability (α = .79; Sinclair and Watson 1999). Par-
ticipants marginally donated more (MHumanAgent = 9.13 vs. MAIAgent = 
8.03; t(405) = 1.73; p = .08) and reported higher non-compliance 
guilt (MHumanAgent = 3.90 vs. MAIAgent = 3.33; t(405) = 3.40; p = .0007) 
when dealing with a human (vs. AI) agent. Regressing agent type 
and reported levels of psychological vulnerability showed a signifi-
cant interaction on non-compliance guilt (βAgentxPsychologicalVulnerability = 
-.29, p = .034), wherein people with higher levels of psychological 
vulnerability (JN = 3.19) reported less (vs. more) non-compliance 
guilt when dealing with an AI agent (vs. human agent). A Hayes 
PROCESS Model 7 analysis showed successful moderated media-
tion of agent type (independent variable), psychological vulnerabil-
ity (moderator), and guilt (mediator; β = 1.02, t = 5.71, p < .001) on 
donation (Effect = -.3006, 95% CI[-.6067, -.0.342]). 

Study 4 (312 participants; MedianAge = 26-35 years old; 56.41% 
male) broadened the context of compliance and decision-making 
from the prosocial to the commercial domain. We operationalize 
experienced consumer vulnerability (Hill and Sharma 2020) using 
a writing task similar to priming used in scarcity literature (Roux 
et al. 2015). Participants were introduced to an app with an agent 
representative (human vs. AI) who assisted in their search for better 
mobile subscriptions. The agent provided respondents with mobile 
subscription recommendations, with the default option providing 
the worst monetary value in terms of data coverage and minutes per 
US dollar. Our main dependent variable was compliance with the 
default recommendation (0 =  yes; 1 =  no). Binary logistic regres-
sion showed a significant interaction on compliance (coded as 0 = 
compliance; 1 = non-compliance; Wald(3) = 5.53, p = .039). Com-
pliance among vulnerable participants is significantly higher when 
dealing with an AI agent (44.78%) than a human agent (27.71%; 
χ2(1) = 4.66; p = .03). However, compliance is marginally higher 
among non-vulnerable participants (41.43% vs. vulnerable 27.71%; 
χ2(1) = 3.15; p = 0.07) when dealing with a human agent. Moreover, 
vulnerable participants detected marginally less motive from the AI 
agent (MAIAgent  = 4.28 vs. MHumanAgent  = 4.77; F(1, 308) = 3.52, p = 
.0617) and believed the AI agent was looking out for their best inter-
est much more than the human agent (MAIAgent  = 3.95 vs. MHumanAgent  
= 3.65; F(1, 308) = 4.22, p = .04). 

	 Our findings provide evidence of the double-edged sword 
impact of AI agents. Reduced non-compliance guilt and motives in-
ferred from AI agents can promote pro-social decision-making. Yet 
we also demonstrate that it can also increase compliance, even when 
compliance leads to worse outcomes, particularly for vulnerable 
consumers. Further research is underway to investigate interven-
tions that could help amplify AI agents’ effectiveness on prosocial 
domains and reduce their negative impact on decision-making for 
vulnerable consumers. 
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